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1-2 §|O|E{3} (Datafication)

Activity, Unvisible mE) Data®} E[==Z  (Jose van Dijck, 2014)
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1-2 §|O|E{3} (Datafication)

* How many people?

(i) count # passenger of subway
gate (nearby 3 subway stations)
(ii) count # of people in image

w (using deep learning technique)
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1-2 O|O|E{3} (Datafication)
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1-2 H|0|E{3} (Datafication)

rosSTEeCH
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-] 0| E{2} (Datafication)

-L|O0|E{ZFA| (Datavelliance= Data + surveillance)

-j0|Efo] 28

FoOSTECs,

@




2. C|O|E{Of 2| Bl 22t S 4|
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CilO|E{ A|ZtS} (data visualization)
ad2i= (RQ ggplot, python?)
matplotlib)
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3. Auto-encoder 7|2 EREY
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3-2 Feature learning : OIL| ZE 2|4

»Linear method - Difficult finding non-linear manifold

3%+ SZ0|AM 2] Az
AB > AC

A L EE2] A2
AB < AC

3-3 Auto-encoder (2214 7|¥)

+ compress the input layer(x) into latent variable(z) - Encoder

=> uncompress into something(x’) closely with the original data(x) - Decoder

lnbu

Reconstruction
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Decoder

Reconstruction Error : L(x,x") (L(-): Loss function)
- Objective : Minimize the reconstruction error

Reference : https://lilianweng.github.io/lil-log/2018/08/12/from-autoencoder-to-beta-vae.html
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3-3 Auto-encoder?|tt

Independent
Component
Analysis

Standardization

Support

Set encoder i
T;?:::d - Vector
data - Mahi .
encoder ahine Trained

—»| Extracted model
Set
features
Leave-One-Out

Classification

Evaluation
Output

Feature extraction using Auto-encoder

» Example 3: Analysis of cash-
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4-1 21YL|0|E{ 2] S

1. Masking problem - &#X|= O|&X[Ql|.. maskE|= 2%
2. Swamping problem - | 2 HSIE O|&X| = 2THst= 22 HH= ot
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3. Missing problem -Z&X| 2H|
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4-1 HAG0[E{2| HA
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Multi-task Learning : M2 HEHE SSH(task)E2| 0IF2H StE

X X Xy | Y2
Task 1 1 40 10
0 23 20
53 17
X, X3 X, Y3
10 40 | 0.13
Task 3
0 1 23 | 0.23
1 19 53 0.4

22




k=]
¥
Ha
ogt
o
4n
=
10
wn
T
=
H
ogt
lo
Hu
1
rot

23

5. 01242 34 & - BT H|o[E ME




HHoEHE
U2 50218 FEA 7 - 24 (ARiE| 2 TT02E)
HE: HF7I2 71RO HE N

HH 5 -
L{S: TIRIC F 2010] |2 B CIXE B A A
8 Wl 7Iglo] 8%t e HZ

CHE 7|2

S2H(Oura) SROMIEY 7to|R =
sxzas sy | s gus AE 2EY 5.0 o HEA/dRH
AnjeEo Es ) \ muEsw X2 Aot
HEF X =
oF Y F=XF

+ HEZEEQl(Finnish)l ™ Xl(Genome)2| B/d0].
o XPEN HOXIS

HAPEEE +H5tn &xtel 2|z Hit

+ 20179 502t (T 20| 10%) KHXIHEE EFEHZE 4zt

- 67HE0tct HlojE| HH[O|E - HM A AFXI}t S 7

S A7tEHGEE AT AT - Y HEY

2o SRR} AMLIRY EHE A& &

HZE ‘U= A2 F HO[E 2%} E8Y' SAl (2019.5)

B) oj2ME I = EUC. T2 WAH O =X 25

\ 4

GERAAH O Qf I{ZI Oé'D'I(Perkin Elmer), HFO|O| 2, MSD &
=29 A0 7|YS0| EHREZ Z2FD UCH!

rrPoOosSTeEeCH
T e -

mze ﬁ!*ﬂloi A1 FHEEX 1038
(HR=[=2)

749

479
373

0.89

19965 20034 2008 20133 20184
KE=T2ACT HAHEE




5-1 €2 HIOo|E M&

- S84 0H0|E 7 A AH! (2019.6) - SHZMEHE L

o —
500004 7H 7|29 40002tHO| HHE ET2F 71

50000771 287 2

e

nnnnnnnnnnnnnnnnnnnn

Financial Bigdata Open Syste &
Crell | S8 HcjolE| Al Ax S
i o
| 87
H=F5& .
azgaan | ARESEE |
45, STATA. R, Pythar) Oig<d) -
e

27

5-2 Oj2e] SSHEF-LELA

H,0.0
“Al to do Al”

rosTecH Al : Artificial Intelligence




5-2 O|2f2] E34E - Automation learning

« X+-E3F {2 (Automation Machine Learning)
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